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 Occupancy modeling is a common method for analyzing point-count data when the 
probability of detecting a species is less than one. Occupancy studies entail visiting sites multiple 
times during a primary sampling period. The resulting detection histories are used to estimate a 
probability of detection (p) and the probability of occupancy (ψ). Sites may be visited 
consecutively on a single day or separately over multiple days within a breeding season. Single-
day visits cost less time and money and may be less likely to violate the closure assumptions of 
occupancy modeling. However, the single-day design may not capture the spectrum of 
environmental conditions captured in multiple-day surveys, which could result in lower detection 
probabilities. This study compared detection probabilities and occupancy probabilities for bird 
populations that were surveyed with both a single-day and a multiple-day sampling design. 
Sixty-two (62) species were detected on 131 point-count locations throughout the breeding 
season (28 May to 28 June 2012), of which 33 had sufficient sample size for analysis. Estimates 
of detection probabilities were consistently lower and occupancy estimates consistently higher in 
the multiple-day sampling design compared to the single-day design. When planning future 
occupancy studies, the trade-off between detection and occupancy probabilities, as well as 
factors such as song rate and the home-range size of the species of interest, need to be accounted 
for. 
Introduction 
 Since ecology is ultimately concerned with the distribution and abundance of organisms, 
the ability to accurately and precisely survey populations of organisms is an important tool for 
ecologists (Krebs, 1972). Traditional index counts, which use a count statistic as a proxy for 
relative abundance, are likely biased because they fail to account for variations in the 
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detectability of a species (Rosenstock et al., 2002). For example, detection experiments with 
songbirds have shown that experienced observers only detect 19% to 65% of the individuals in a 
simulated population (Alldredge et al., 2007b). In recognition of this detection bias, there has 
been a recent proliferation of sampling methods that explicitly estimate detection probability, 
which is the probability of detecting a species given that it is present or available to be detected. 
These methods include distance sampling (Buckland et al., 2001), the time-of-detection method 
for singing birds (Alldredge et al., 2007a), and occupancy modeling (MacKenzie et al., 2002), 
which is the focus of my study. 
 In a basic occupancy study, presence-absence data are collected over multiple visits to a 
site, resulting in a detection history for each site such that 1 indicates that the organism was 
detected and 0 indicates that the organism was not detected. If a site is visited three times, there 
are 2
3
 possible detection histories: 101, 001, 000, etc. It is assumed that if a species is detected, it 
is truly present at the site (i.e., there are no false-positives), whereas if the species is not detected, 
it may either be present but not detected or truly absent. The presence-absence data are used to 
estimate two parameters: the probability of occupancy (ψ) and the probability of detection (p). 
Detection probability may vary with survey-specific covariates such as temperature or the ability 
of an observer to detect the species, whereas occupancy probability may vary with site-specific 
covariates such as habitat (MacKenzie et al., 2006). 
  Occupancy studies can be applied within Pollock’s robust design, in which repeated site 
visits, called secondary sampling periods, are nested within primary sampling periods such as 
breeding seasons (Pollock, 1982). A major assumption in occupancy modeling is that the 
occupancy state of a site does not change between secondary sampling periods. This is called the 
closure assumption (MacKenzie et al., 2006). In order to ensure closure, secondary sampling 
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periods may be conducted consecutively on the same day, defined as the single-day design, as 
opposed to separately on different days throughout the primary sampling period, defined as the 
multiple-day design. In addition to fulfilling the closure assumption, the single-day design is less 
expensive because observers only have to travel to each site once during the sampling period. 
 The disadvantage of the single-day design is that there may be a lack of environmental 
differences between secondary sampling periods. In the reality of field surveys, observers usually 
have a fixed window of opportunity to conduct surveys (e.g., during a breeding season). Not all 
of those days will be ideal for sampling. For example, breezy conditions are known to decrease 
aural detection of birds (Simons et al., 2007), but it is unrealistic to discontinue sampling on all 
breezy days. Within the single-day design, some sites will be visited on breezy days and others 
will be visited on calm days. Since all the secondary sampling periods are conducted under 
almost identical environmental conditions, there may be more 000 and 111 detection histories in 
a single-day design compared to a multiple-day design. This could artificially inflate the estimate 
of detection probability in the single-day design. Conversely, a multiple-day sampling design 
would likely have more environmental variation between secondary sampling periods. By 
visiting the same site under a variety of conditions, it is more likely that a species will be 
detected on at least one of those visits, increasing occupancy probability at the cost of detection 
probability. For this reason, MacKenzie et al. (2006) recommend using a multiple-day sampling 
design over a single-day design.  
 The purpose of this study was to compare detection and occupancy probabilities between 
single-day and multiple-day surveys with identical survey effort for birds breeding in temperate 
deciduous forests in the coastal region of Virginia. I predicted that models of multiple-day 
surveys would have lower detection probabilities but higher occupancy probabilities, since it is 
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more likely that a species will be detected on at least one secondary sampling period over 
multiple days. Additionally, I predicted that the single-day surveys would use more survey-
specific variables to explain the variation in detection probability. Whereas the environmental 
covariate values are randomized between secondary sampling periods in the multiple-day design, 
the single-day design will have lower variability of environmental covariates within sites since 
all secondary sampling periods for a site are conducted within a 30 min period. Therefore, more 
covariates will be needed to explain the between-site variation in the single-survey design. 
Methods 
Site selection 
 My study was conducted on the Virginia Peninsula, which stretches from Richmond to 
Hampton, Virginia (Fig. 1). The study area was within the Chesapeake Bay Lowlands Ecoregion, 
as delineated by The Nature Conservancy (2011). I used the Rappahannock River to delineate 
the northern boundary, while the ecoregion’s southern limit was the James River. Within the 
study area, I placed point-count locations, hereafter called sites, in forests on public lands. Using 
the 30-meter resolution SEGAP land cover database (http://www.basic.ncsu.edu/segap/) in a 
Geographic Information System (GIS), I used stratified sampling to randomly place sites in 
either riparian or upland forests. All sites were at least 600 meters apart to avoid spatial 
autocorrelation. Site locations were uploaded as point shapefiles to a GPS unit (Garmin GPSmap 
60Cx) for navigation in the field. 
 Deciduous forest in the study area primarily consists of loblolly pine (Pinus taeda), 
American beech (Fagus grandifolia), white oak (Quercus alba), tuliptree (Liriodendron 
tulipifera) and sweetgum (Liquidambar styraciflua) in the canopy. Red maple (Acer rubrum), 
holly (Ilex opaca) and dogwood (Cornus florida) are found in the understory. The shrub layer 
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consists of wax myrtle (Myrica cerifera) and partridge berry (Mitchella repens) (Monette & 
Ware, 1983). 
Point-count surveys 
 A team of four observers surveyed 131 sites under both a single-day sampling design and 
a multiple-day sampling design. Both designs had three secondary sampling periods; therefore, 
sampling effort was the same across designs. The primary sampling period was a single month 
(28 May to 28 June 2012) during the avian breeding season. During that month, observers visited 
each site on three different days, with 2 - 14 days between visits. The observer conducted a 
single 8-minute count during each visit. Additionally, I randomly chose one of the three days to 
be used for the single-day sampling design. On that day, the observer conducted three 8-minute 
point-counts one after another, with at least 1 minute between counts. I used the first 8-minute 
count in both the single-day and multiple-day datasets. Given the time periods between visits, the 
closure assumption may not be met in the multiple-day design, but is likely met for the single-
day design for most species. 
 Surveys took place between 10 minutes after sunrise and 1000 hours during periods of no 
or light precipitation. At each site, the observer recorded survey-specific covariates including 
Julian date, temperature adjusted for wind-chill measured with a pocket weather meter (Model 
2000, Kestrel Meters), starting time of surveys, observer, and a categorical ambient noise index 
ranging between 0 and 4 (0 = No appreciable effect on sampling [e.g. owl calling], 1 = Slightly 
affecting sampling [e.g. distant traffic, dog barking, 1 car passing], 2 = Moderately affecting 
sampling [e.g. nearby traffic, 2-5 cars passing], 3 = Seriously affecting sampling [e.g. continuous 
traffic nearby, 6-10 cars], 4 = Profoundly affecting sampling [e.g. continuous traffic passing, 
construction noise]). The observer recorded all birds heard or seen during 8-minutes and 
7 
 
estimated the distance between the observer and the location where the bird was initially detected 
with the aid of a laser range-finder (Insight 400XL, Opti-Logic). Before further analysis, I 
discarded all detections beyond 75 m (Schwenk & Donovan, 2011), then converted the 
remaining observations to presence-absence data for each species. Owls, raptors, hummingbirds, 
and game birds were excluded because the point-counts were not designed to sample these 
species. 
Occupancy Modeling 
 I created single-season occupancy models for each species and sampling design. The two 
parameters included in all occupancy models are ψ, the probability of occupancy, and p, the 
probability of detection given presence at a site (MacKenzie et al., 2002). In addition to a null 
model with only ψ and p, I created univariate and multivariate models to test relationships 
between survey-specific covariates and detection probability. I used three continuous covariates 
(Julian date, temperature, and start time) and three categorical covariates (observer, noise and 
capture history). For each of the three continuous covariates, I scaled the data such that the 
values ranged between 0 and 10. In order to test for possible non-linear relationships between the 
continuous covariates and detection probability, I a) squared the transformed data to test for a 
quadratic relationship and b) took the natural log of the transformed data to test for a pseudo-
threshold relationship (Scherer et al., 2012). I used a Spearman rank correlation to verify that 
none of the continuous covariates were correlated in order to avoid multicollinearity issues. For 
the categorical covariates, I used three separate variables to represent both observer and noise. 
Since there were four observers or teams of observers, three of the observers were converted to 
binary variables, with one observer used as the intercept, or reference category. For noise, I first 
combined the 3 and 4 indices because there were so few surveys with these values and used the 0 
8 
 
index as the intercept. My final covariate was a capture matrix for each species. This binary 
matrix indicated whether or not the species had been detected on a previous survey. 
 I tested various models for detection probability (p) using an AIC framework in Program 
Presence (Hines, 2006). All covariates were related to detection probability using the logit link. 
Using a hierarchical modeling approach, I first created 12 univariate models for each species (3 
categorical covariates plus linear, quadratic, and pseudo-threshold relationships for each of the 3 
continuous covariates). For covariates where I was testing quadratic and pseudo-threshold 
relationships, I used the following formulas: 
                        
    (quadratic) 
                       (pseudo-threshold) 
where x1 is the covariate of interest (Julian date, temperature, and start time) (Scherer et al., 
2012). Of the linear, quadratic, and pseudo-threshold relationships, I carried forward the model 
with the lowest AIC into the next round of model building; the other two models for each 
covariate were discarded. In the second round of models, I tested all two-way combinations of 
the variables from the first round. In the last round of modeling, I created multivariate models 
using the best variables from previous rounds. 
 Based on previous experiences of models with low occupancy not converging, I removed 
any species with a naïve occupancy (i.e., the number of sites where the species was detected 
divided by the total number of sites) less than 0.1 from further analysis. For the remaining 
species, I model-averaged all models with AICc weights adding up to 0.9 (Burnham and 
Anderson, 1998). To obtain overall estimates of occupancy probability (ψ) and detection 
probability at each survey (p1, p2, and p3), I averaged the site-specific estimates of p1, p2, p3, 
and ψ for each model and then model-averaged those estimates for each species and sampling 
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design based on AICc weights. I used a similar procedure with the conditional standard error 
with the assumption that inter-site variation was more important than intra-site variation. 
Although this is a rudimentary technique for dealing with error, better methods have yet to be 
published. 
 In addition to differences in overall occupancy and detection probabilities between the 
two sampling designs, I wanted to know how the number and types of covariates differed 
between designs. Therefore, I examined which variables were included in the models with AICc 
weights adding up to 0.9. I predicted that on average, there would be more variables in the 
single-day models than in the multiple-day models. I used a t-test ( = 0.05) to evaluate whether 
average number of variables included in a model differed between the two sampling designs. 
Results 
 Between the single-day and the multiple-day sampling designs, 62 species were detected 
throughout the sampling period. Of those species, four were owls, raptors, hummingbirds, or 
game species and were dropped from the analysis. Of the remaining 58 species, 25 had naïve 
occupancy probabilities of less than 0.1, a probability of occupancy too low to warrant further 
analysis, leaving 33 species for analysis (Table 1). 
 Neither linear nor non-linear relationships between the continuous covariates and 
detection probability consistently performed best (Fig. 2). However, for any given covariate, the 
relationship that was best for the multiple-day design also tended to be the best for the single-day 
design. For example, a pseudo-threshold relationship between temperature and detection 
probability was the best model in a majority of species in the single-day design, with the 
remaining species approximately evenly divided between linear and quadratic relationships. In 
the multiple-day design, the species were more evenly divided between linear, pseudo-threshold, 
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and quadratic relationships, but the pseudo-threshold relationship was still the most common. 
Appendix 1 contains the complete AIC tables for each species and sampling design. 
 Detection probabilities varied among species (Fig. 3). As predicted, the detection 
probability was consistently lower in the multiple-day design compared to the single-day design. 
Although this pattern was consistent across species, the standard errors overlapped in about half 
of the 33 species. As a group, the woodpeckers were unique in that their detection probabilities 
were often almost identical between the two designs (Fig. 3, panel f). 
 Occupancy probabilities ranged from 0.1678 and 0.9996 across the 33 species (Fig. 4). 
With the exception of the Pileated Woodpecker (Dryocopus pileatus) and the Blue Jay 
(Cyanocitta cristata), occupancy probability was greater in the multiple-day design compared to 
the single-day design. About one third of the species had overlapping standard errors. For the 
Pileated Woodpecker and the Blue Jay, the occupancy probability was almost identical between 
the two designs. 
 Models for the single-day sampling design did not require a greater number of covariates 
(t(1.32) = 1.47, p = 0.08) to explain heterogeneity in detection probabilities. All species had at least 
three of the six covariates in the top 90% of models (i.e. models with AICc weights adding up to 
0.9) (Fig. 5). The most frequently included variables differed between sampling designs and 
species. However, observer tended to explain more variation than any the other variable. For 
example, 16 species in the single-day design and 12 species in the multiple-day design had 
adjusted, cumulative AICc weights over 0.5 for observer (Table 2). The only other covariate that 
had a cumulative weight over 0.5 for a similar number of species was start time. However, start 
time was only highly explanatory in the single-day design (17 species) and not in the multiple-
day design (3 species). Similarly, temperature had a cumulative weight over 0.5 in more than 
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twice as many species in the single-day design (13 species) compared to the multiple-day design 
(5 species) (Table 2). 
Discussion 
 My results reflect an inherent trade-off in occupancy modeling between detection 
probability and occupancy probability (MacKenzie et al., 2006). As detection probability 
increases, the likelihood of sites with 000 detection histories being occupied decreases, lowering 
the overall occupancy probability. When planning future occupancy studies, the decision to use a 
single-day sampling design or a multiple-day sampling design will depend on the species of 
interest and the logistics of sampling. However, my results suggest some factors that should be 
considered when designing avian occupancy studies. 
 The case of the woodpeckers offers insight into the difficulties of modeling species with 
large home ranges or species that sing infrequently. Three of the five woodpecker species in the 
analysis (Downy Woodpecker [Picoides pubescens], Northern Flicker [Colaptes auratus], and 
Pileated Woodpecker) had detection probabilities that were very low and almost identical 
between the two sampling designs. This pattern contrasted with the majority of songbird species 
in the analysis, which had noted differences in detection probability between the multiple- and 
single-day designs. The lack of difference in woodpecker detection may be due to the fact that 
point-counts do not truly measure occupancy for woodpeckers because their home ranges are 
larger than the point-count area. I cut off detections at 75 m from the center of the point-count, 
but Pileated Woodpeckers, for example, have home ranges that can be hundreds of hectares 
(Mellen et al., 1992). However, species such as the American Crow (Corvus brachyrhynchos) 
and the Blue Jay also have home ranges larger than a 75-m circle, yet I found that the pattern of 
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detection probability in these species was similar to that in songbird species, not woodpecker 
species. 
 Another possibility for the difference in detection between woodpeckers and songbirds is 
that woodpeckers vocalize less often than songbirds. If the time between vocalizations is greater 
than the length of the point count, the species will not be available for detection on all visits. In 
this case, the species may be detected on only one secondary sampling period within the single-
day design, even when the environmental conditions are ideal. In the multiple-day design, there 
is an equal probability that the species will vocalize on each of the three different days, resulting 
in the same probability of detection as the single-day design. Possible support for this 
mechanism comes from Red-bellied Woodpeckers (Melanerpes carolinus) and Hairy 
Woodpeckers (Picoides villosus) in my analysis, which I have observed to vocalize more often 
than the Northern Flicker, Pileated, and Downy Woodpeckers. The Red-bellied and Hairy 
Woodpeckers had detection probabilities more characteristic of the songbird species in this 
analysis. 
 I had predicted that single-day surveys would need more variables to explain the 
variation in detection probabilities due to the non-random distribution of survey-specific 
covariates. Since I specifically attempted to rotate observers and survey start times in the 
multiple-day survey, I expected that models for the multiple-day design would not need as many 
covariates to explain the data (MacKenzie et al., 2006). However, the differences between the 
two sampling designs were not significant. Using a multiple-day sampling design with 
randomized sampling days and times does not mitigate the need to incorporate survey-specific 
covariates into the occupancy models. 
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 Observer was the most important explanatory survey-specific covariate in both sampling 
designs. This supports the results of other studies indicating that there are wide variations in 
detection ability among observers (Alldredge et al., 2007b; Sauer et al., 1994). Several species in 
the analysis (e.g. American Goldfinch [Carduelis tristis], Black-and-White Warbler [Mniotilta 
varia], Scarlet Tanager [Piranga olivacea], and White-eyed Vireo [Vireo griseus]) were 
drastically undercounted by a single observer, which increased the importance of any model with 
observer as a covariate in those species. Better training of observers may have prevented some of 
these observation errors.  
 What multiple-day surveys gain in randomized heterogeneity of detection probabilities 
must be balanced with the risk of violating the closure assumption. In an explicit test of the 
closure assumption, Rota et al. (2009) demonstrated that models allowing for colonization and 
extinction between primary sampling periods received more weight than models assuming closed 
populations in breeding bird species. Therefore, the populations in Rota’s study likely did not 
fulfill the closure assumption over their 2-month study period, which is a similar time period as 
my study. However, there are ways to reconcile the differences between single-day and multiple-
day designs. Multiple observers can survey a site on the same day, which would remove the issue 
of induced heterogeneity in single-day surveys, but still allow the closure assumption to be met 
(MacKenzie et al., 2006). Additionally, new statistical methods have been developed that can 
estimate detection probability from a single survey using covariates (Lele et al., 2012). 
 Of all the analyses that explicitly model detection probability, the main advantage of 
occupancy modeling is that it uses presence-absence data, which is cheaper and less time-
intensive to collect than other survey methods. This is especially true when surveys can be 
conducted on a single day. However, I showed that single-day surveys tend to have higher 
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detection probabilities and lower occupancy probabilities than surveys conducted over multiple 
days. Factors such as song rate, home range size, and observer training should be taken into 
account when designing avian surveys and survey-specific covariates should be included in 
models of both single-day and multiple-day designs. 
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Tables and Figures 
 






% sites detected 
single day 
(n = 131) 
% sites detected 
multiple day 
(n = 131) 
Acadian Flycatcher Empidonax virescens 64.1 78.6 
American Crow Corvus brachyrhynchos 15.2 18.3 
American Goldfinch Carduelis tristis 15.2 21.4 
American Robin Turdus migratorius 36.6 54.2 
Black-and-white Warbler Mniotilta varia 11.5 12.2 
Blue-grey Gnatcatcher Polioptila melanura 36.6 48.1 
Blue Jay Cyanocitta cristata 27.5 30.5 
Brown-headed Cowbird Molothrus ater 34.4 50.4 
Carolina Chickadee Poecile carolinensis 66.4 81.7 
Carolina Wren Thryothorus ludovicianus 67.9 80.9 
Downy Woodpecker Picoides pubescens 48.1 60.3 
Eastern Towhee Pipilo erythrophthalmus 13.7 14.5 
Eastern Wood-Pewee Contopus virens 49.6 60.3 
Great Crested Flycatcher Myiarchus crinitus 55.0 68.7 
Hairy Woodpecker Picoides villosus 9.9 17.6 
Hooded Warbler Wilsonia citrina 18.3 19.1 
Indigo Bunting Passerina cyanea 12.2 15.3 
Mourning Dove Zenaida macroura 12.2 19.1 
Northern Cardinal Cardinalis cardinalis 77.1 83.2 
Northern Flicker Colaptes auratus 9.9 15.3 
Northern Parula Parula americana 16.8 23.7 
Ovenbird Seiurus aurocapillus 40.5 50.4 
Pileated Woodpecker Dryocopus pileatus 12.2 11.5 
Pine Warbler Dendroica pinus 37.4 45.0 
Red-bellied Woodpecker Melanerpes carolinus 39.7 52.7 
Red-eyed Vireo Vireo olivaceus 77.9 82.4 
Scarlet Tanager Piranga olivacea 13.0 22.1 
Summer Tanager Piranga rubra 36.6 51.9 
Tufted Titmouse Baeolophus bicolor 88.6 93.9 
White-breasted Nuthatch Sitta carolinensis 38.9 48.1 
White-eyed Vireo Vireo griseus 10.7 13.0 
Wood Thrush Hylocichla mustelina 24.4 29.0 





Table 2. The number of species that had adjusted, cumulative AICc weights over 0.5 for each 
covariate. The species counts for temperature, start time, and Julian Date include linear, 
quadratic, and pseudo-threshold relationships. 
 Single-day Multiple-day 
Observer 16 12 
Noise 11 9 
Capture 4 7 
Temperature 13 5 
Start Time 17 3 

















Figure 2. Each graph shows the number of species in which the linear, pseudo-threshold, or 
quadratic univariate model had the lowest AIC and was therefore carried forward to the next 

























































































































Figure 3. Model-averaged estimates of detection probability by species. Filled circles are single-

































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































































Figure 4. Model-averaged estimates of occupancy probability by species. Dark bars are single-day surveys and light grey bars are 






























































Cummulative Adjusted Weight 
Acadian Flycatcher, 1-day 
Figure 5. Each graph shows which variables were included in the models with AICc weights 
adding to 0.9. The length of the bar represents the cumulative adjusted weight of the models in 
which that variable appeared. The values at the end of the bar are the model-averaged beta 
estimate. Dark grey bars have positive beta estimates and white bars have negative beta 
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AIC tables for each species. Only models with AICc weights adding up to 0.9 were included. See Table 1 in the text for scientific names. 




Digits AIC AICc ΔAICc Likelihood Weight 
Adjusted 
Weight 
Acadian Flycatcher 1-day temp 3 8.7 430.3811 430.5701 0 1 0.1652 0.1830 
  
stime_temp 4 7.9 430.553 430.8705 0.3004 0.8605359 0.1422 0.1575 
  
stime 3 8.3 430.8183 431.0073 0.4372 0.8036431 0.1328 0.1471 
  
capture_temp 4 6.8 432.2343 432.5518 1.9817 0.371261 0.0613 0.0680 
  
julian_temp 4 8.0 432.3038 432.6213 2.0512 0.3585813 0.0592 0.0656 
  
psi(.)_p(.) 2 8.6 432.5946 432.6884 2.1183 0.3467504 0.0573 0.0635 
  
julian_stime 4 8.6 432.6495 432.967 2.3969 0.3016614 0.0498 0.0552 
  
capture_stime_temp 5 7.6 432.517 432.997 2.4269 0.2971703 0.0491 0.0544 
  
julian_stime_temp 5 6.8 432.5212 433.0012 2.4311 0.2965469 0.0490 0.0543 
  
capture_stime 4 6.7 432.7639 433.0814 2.5113 0.2848906 0.0471 0.0521 
  
noise_temp 6 7.0 433.6325 434.3099 3.7398 0.1541391 0.0255 0.0282 
  
capture 3 7.3 434.357 434.546 3.9759 0.1369759 0.0226 0.0251 
  
capture_julian_temp 5 7.2 434.1815 434.6615 4.0914 0.1292897 0.0214 0.0237 
  
julian 3 6.8 434.5897 434.7787 4.2086 0.121931 0.0201 0.0223 
 
3-days julian2_stime_capture 6 8.5 508.7154 509.3928 0 1 0.3117 0.0713 
  
julian2_stime 5 7.2 509.2229 509.7029 0.3101 0.8563724 0.2670 0.1323 
  
julian2_stime_temp 6 7.9 509.3666 510.044 0.6512 0.722094 0.2251 0.1838 
  
stime 3 9.3 512.6183 512.8073 3.4145 0.1813639 0.0565 0.1967 
  
capture_stime 4 8.4 513.5090 513.8265 4.4337 0.1089518 0.0340 0.2044 
  
stime_temp 4 7.8 513.6859 514.0034 4.6106 0.0997289 0.0311 0.2116 
American Crow 1-day stime 3 7.1 188.0089 188.1979 0 1 0.1656 0.1828 
  
julian_stime 4 7.3 188.5096 188.8271 0.6292 0.7300808 0.1209 0.1334 
  
julian 3 8.0 189.605 189.794 1.5961 0.450206 0.0745 0.0823 
  
stime_temp 4 7.3 189.553 189.8705 1.6726 0.4333108 0.0717 0.0792 
  
capture_stime 4 6.6 189.8804 190.1979 2 0.3678794 0.0609 0.0672 
  
obs_stime 6 7.7 189.6141 190.2915 2.0936 0.3510593 0.0581 0.0642 
  
temp 3 8.0 190.2377 190.4267 2.2288 0.3281121 0.0543 0.0600 
  
julian_temp 4 8.0 190.4208 190.7383 2.5404 0.2807755 0.0465 0.0513 
  
psi(.)_p(.) 2 8.0 190.7119 190.8057 2.6078 0.271471 0.0449 0.0496 
  
julian_stime_temp 5 7.2 190.3278 190.8078 2.6099 0.2711861 0.0449 0.0496 
40 
 
American Crow 1-day capture_julian_stime 5 6.6 190.4351 190.9151 2.7172 0.2570204 0.0426 0.0470 
  
capture_stime_temp 5 6.2 191.312 191.792 3.5941 0.1657872 0.0275 0.0303 
  
capture_julian 4 5.9 191.5891 191.9066 3.7087 0.1565547 0.0259 0.0286 
  
obs_temp 6 6.4 191.2911 191.9685 3.7706 0.1517835 0.0251 0.0277 
  
noise_stime 6 6.9 191.5301 192.2075 4.0096 0.1346872 0.0223 0.0246 
  
capture_temp 4 5.7 192.0902 192.4077 4.2098 0.1218579 0.0202 0.0223 
 
3-days stime_julianln 4 6.1 202.2691 202.5866 0 1 0.1257 0.0122 
  
stime 3 6.3 202.6881 202.8771 0.2905 0.8648061 0.1087 0.0228 
  
julianln 3 6.3 203.1777 203.3667 0.7801 0.677023 0.0851 0.0311 
  
psi(.)_p(.) 2 5.6 203.6025 203.6963 1.1097 0.5741584 0.0722 0.0381 
  
capture_stime 4 6.4 203.7822 204.0997 1.5131 0.4692827 0.0590 0.0438 
  
stime_julianln_capture 5 6.3 203.9370 204.417 1.8304 0.4004365 0.0504 0.0487 
  
capture 3 8.7 204.2316 204.4206 1.834 0.3997164 0.0503 0.0536 
  
temp_julianln 4 6.7 204.1741 204.4916 1.905 0.3857754 0.0485 0.0583 
  
stime_julianln_templn 5 6.2 204.1608 204.6408 2.0542 0.3580438 0.0450 0.0627 
  
temp 3 6.2 204.5241 204.7131 2.1265 0.3453317 0.0434 0.0669 
  
stime_temp 4 6.9 204.5644 204.8819 2.2953 0.3173817 0.0399 0.0708 
  
obs_stime 6 6.9 204.2443 204.9217 2.3351 0.3111283 0.0391 0.0746 
  
noise_stime 6 6.9 204.3575 205.0349 2.4483 0.2940075 0.0370 0.0782 
  
capture_julianln 4 5.9 205.1369 205.4544 2.8678 0.2383774 0.0300 0.0811 
  
capture_temp 4 5.9 205.4245 205.742 3.1554 0.2064494 0.0260 0.0836 
  
noise 5 6.4 205.4678 205.9478 3.3612 0.1862622 0.0234 0.0859 
  
noise_julianln 6 6.4 205.6726 206.35 3.7634 0.1523309 0.0192 0.0877 
American Goldfinch 1-day obs_noise_julianln 9 6.0 169.9428 171.4304 0 1 0.1946 0.2123 
  
obs_noise_temp 9 5.6 170.6262 172.1138 0.6834 0.7105613 0.1382 0.1509 
  
obs_noise 8 4.1 171.021 172.2013 0.7709 0.6801445 0.1323 0.1444 
  
obs_noise_stime 9 3.5 170.9514 172.439 1.0086 0.6039282 0.1175 0.1282 
  
obs_temp 6 6.1 172.0408 172.7182 1.2878 0.52524 0.1022 0.1115 
  
obs_noise_temp_julianln 10 5.5 171.3744 173.2077 1.7773 0.4112105 0.0800 0.0873 
  
obs 5 6.1 173.4616 173.9416 2.5112 0.2849049 0.0554 0.0605 
  
obs_noise_capture 9 4.5 172.7273 174.2149 2.7845 0.2485155 0.0484 0.0528 
  
obs_capture 6 6.2 173.5592 174.2366 2.8062 0.2458337 0.0478 0.0522 
 
3-days obs_temp 6 5.2 209.9266 210.604 0 1 0.2750 0.0604 
  
obs 5 6.2 211.0730 211.553 0.949 0.6221961 0.1711 0.098 
41 
 
American Goldfinch 3-days obs_temp_julianln 7 3.2 210.9345 211.8451 1.2411 0.5376486 0.1479 0.1304 
  
obs_temp_capture 7 7.9 211.7732 212.6838 2.0798 0.35349 0.0972 0.1518 
  
capture_obs 6 6.5 212.3156 212.993 2.389 0.3028553 0.0833 0.17 
  
julianln_obs 6 4.2 212.4000 213.0774 2.4734 0.2903408 0.0798 0.1876 
  
obs_stime 6 3.0 212.8081 213.4855 2.8815 0.2367501 0.0651 0.2019 
American Robin 1-day stimeln_temp 4 7.0 344.4394 344.7569 0 1 0.2016 0.2215 
  
stimeln 3 7.1 345.4583 345.6473 0.8904 0.6406961 0.1292 0.1419 
  
stimeln_temp_noise 7 7.4 345.6042 346.5148 1.7579 0.4152187 0.0837 0.0920 
  
stimeln_temp_julianln 5 7.4 346.2268 346.7068 1.9499 0.3772112 0.0761 0.0835 
  
stimeln_temp_capture 5 6.6 346.3554 346.8354 2.0785 0.3537199 0.0713 0.0783 
  
stimeln_capture 4 8.2 347.0198 347.3373 2.5804 0.2752157 0.0555 0.0610 
  
stimeln_temp_obs 7 7.1 346.4589 347.3695 2.6126 0.2708202 0.0546 0.0600 
  
stime_noise 6 7.3 346.7065 347.3839 2.627 0.2688773 0.0542 0.0596 
  
stime_obs 6 7.9 346.8306 347.508 2.7511 0.2527006 0.0510 0.0560 
  
temp 3 8.5 347.4887 347.6777 2.9208 0.2321434 0.0468 0.0514 
  
stimeln_julianln 4 6.6 347.4529 347.7704 3.0135 0.2216291 0.0447 0.0491 
  
noise_temp 6 6.1 347.2332 347.9106 3.1537 0.2066249 0.0417 0.0458 
 
3-days noise_obs_stimeln 9 5.7 429.8683 431.3559 0 1 0.8826 0.4773 
  
noise_obs 8 7.0 434.8830 436.0633 4.7074 0.0950169 0.0839 0.5227 
Black-and-white Warbler 1-day obs_templn_julian2 8 5.0 138.7743 139.9546 0 1 0.2856 0.2957 
  
obs_templn_stime 7 5.7 139.2464 140.157 0.2024 0.9037523 0.2581 0.2672 
  
obs_templn 6 6.2 139.6512 140.3286 0.374 0.8294437 0.2369 0.2452 
  
obs_templn_capture 7 5.9 141.1154 142.026 2.0714 0.3549778 0.1014 0.1050 
  
noise_obs_templn 9 6.8 140.9154 142.403 2.4484 0.2939928 0.0840 0.0869 
 
3-days noise_templn 6 3.3 145.9305 146.6079 0 1 0.3070 0.0668 
  
noise 5 5.4 147.1687 147.6487 1.0408 0.5942828 0.1824 0.1065 
  
noise_templn_stimeln 7 7.3 147.8964 148.807 2.1991 0.3330209 0.1022 0.1287 
  
noise_stimeln 6 4.5 148.1710 148.8484 2.2405 0.3261982 0.1001 0.1505 
  
noise_capture 6 5.1 148.6429 149.3203 2.7124 0.2576379 0.0791 0.1677 
  
noise_obs_templn 9 3.8 148.1024 149.59 2.9821 0.2251361 0.0691 0.1828 
  
noise_julian 6 5.5 149.0232 149.7006 3.0927 0.2130241 0.0654 0.197 
Blue Jay 1-day obs_noise_stime 9 7.9 288.5139 290.0015 0 1 0.3160 0.3501 
  
obs_noise_stime_julianln 10 7.8 289.7908 291.6241 1.6226 0.4442801 0.1404 0.1555 
  
obs_noise 8 7.8 291.0806 292.2609 2.2594 0.3231302 0.1021 0.1131 
42 
 
Blue Jay 1-day obs_stime 6 7.3 292.0014 292.6788 2.6773 0.2621994 0.0829 0.0918 
  
obs_noise_julianln 9 7.2 291.2054 292.693 2.6915 0.2603444 0.0823 0.0912 
  
obs_stime_julianln 7 8.5 293.0159 293.9265 3.925 0.1405067 0.0444 0.0492 
  
obs_julianln 6 7.7 293.718 294.3954 4.3939 0.1111416 0.0351 0.0389 
  
stime 3 7.2 294.3294 294.5184 4.5169 0.1045124 0.0330 0.0366 
  
obs 5 6.9 294.0717 294.5517 4.5502 0.1027866 0.0325 0.0360 
  
noise_stime 6 6.8 295.1369 295.8143 5.8128 0.0546722 0.0173 0.0191 
  
temp_stime 4 5.6 295.5733 295.8908 5.8893 0.0526205 0.0166 0.0184 
 
3-days capture 3 7.3 299.3620 299.551 0 1 0.3522 0.0454 
  
capture_temp 4 6.6 301.3240 301.6415 2.0905 0.3516039 0.1238 0.0614 
  
julian2_capture 5 7.3 301.9225 302.4025 2.8515 0.2403281 0.0846 0.0723 
  
julian2 4 6.8 302.1355 302.453 2.902 0.2343358 0.0825 0.083 
  
stime2_capture 5 6.7 302.5151 302.9951 3.4441 0.1786994 0.0629 0.0911 
  
psi(.)_p(survey) 4 6.5 302.8693 303.1868 3.6358 0.1623664 0.0572 0.0985 
  
julian2_capture_temp 6 7.6 303.7757 304.4531 4.9021 0.086203 0.0304 0.1024 
  
julian2_stime2 6 7.3 303.7881 304.4655 4.9145 0.0856702 0.0302 0.1063 
  
julian2_temp 5 7.7 304.0613 304.5413 4.9903 0.0824841 0.0291 0.11 
  
psi(.)_p(.) 2 6.5 304.6760 304.7698 5.2188 0.0735787 0.0259 0.1134 
  
stime2_capture_temp 6 7.0 304.4876 305.165 5.614 0.0603859 0.0213 0.1161 
Blue-grey Gnatcatcher 1-day noise_stime_obs 9 7.6 343.6468 345.1344 0 1 0.5183 0.5752 
  
obs_noise_julian 9 7.7 346.3148 347.8024 2.668 0.2634215 0.1365 0.1515 
  
julian_obs_temp 7 7.8 347.369 348.2796 3.1452 0.207505 0.1075 0.1194 
  
julian_obs 6 7.5 348.6058 349.2832 4.1488 0.1256318 0.0651 0.0723 
  
julian_obs_stime 7 6.9 349.315 350.2256 5.0912 0.078426 0.0406 0.0451 
  
noise_stime 6 8.4 349.9698 350.6472 5.5128 0.06352 0.0329 0.0365 
 
3-days julianln_obs 6 6.9 411.6107 412.2881 0 1 0.1551 0.0178 
  
obs 5 7.5 412.2332 412.7132 0.4251 0.8085199 0.1254 0.0321 
  
psi(.)_p(survey) 4 6.2 412.9080 413.2255 0.9374 0.6258153 0.0970 0.0433 
  
julianln 3 7.6 413.4100 413.599 1.3109 0.5192084 0.0805 0.0525 
  
julianln_obs_stimeln 7 7.0 412.8858 413.7964 1.5083 0.4704103 0.0729 0.0608 
  
julianln_obs_capture 7 6.2 413.2221 414.1327 1.8446 0.3976035 0.0617 0.0679 
  
obs_stimeln 6 6.2 413.5729 414.2503 1.9622 0.3748985 0.0581 0.0746 
  
capture_obs 6 6.4 414.0441 414.7215 2.4334 0.296206 0.0459 0.0798 
  
psi(.)_p(.) 2 7.2 414.7133 414.8071 2.519 0.2837959 0.0440 0.0849 
43 
 
Blue-grey Gnatcatcher 3-days obs_templn 6 7.0 414.2330 414.9104 2.6223 0.2695099 0.0418 0.0897 
  
stimeln_julianln 4 7.8 414.8306 415.1481 2.86 0.2393089 0.0371 0.0939 
  
capture 3 8.3 415.2144 415.4034 3.1153 0.2106305 0.0327 0.0977 
  
capture_julianln 4 6.8 415.3576 415.6751 3.387 0.1838748 0.0285 0.1009 
  
templn_julianln 4 7.0 415.3933 415.7108 3.4227 0.1806218 0.0280 0.1041 
Brown-headed Cowbird 1-day julian_temp2 5 7.9 335.3578 335.8378 0 1 0.3235 0.3563 
  
julian_temp2_capture 6 7.4 335.2548 335.9322 0.0944 0.9538966 0.3086 0.3399 
  
julian_temp2_stimeln 6 8.3 335.7091 336.3865 0.5487 0.760066 0.2459 0.2708 
  
julian 3 7.0 340.4124 340.6014 4.7636 0.0923841 0.0299 0.0329 
 
3-days julian_obs_temp2 8 6.8 398.4564 399.6367 0 1 0.4853 0.1627 
  
julian_obs 6 2.2 400.2338 400.9112 1.2745 0.5287445 0.2566 0.2487 
  
julian_obs_stime 7 3.9 402.0445 402.9551 3.3184 0.1902912 0.0924 0.2797 
  
julian_obs_capture 7 2.1 402.1644 403.075 3.4383 0.1792184 0.0870 0.3089 
Carolina Chickadee 1-day noise_obs_julianln 9 6.6 469.1492 470.6368 0 1 0.2477 0.2640 
  
julianln_obs 6 7.4 469.9858 470.6632 0.0264 0.9868867 0.2444 0.2606 
  
julianln_obs_capture 7 7.6 470.6763 471.5869 0.9501 0.621854 0.1540 0.1642 
  
obs 5 7.3 472.0706 472.5506 1.9138 0.3840817 0.0951 0.1014 
  
noise_obs_capture 9 7.4 471.7807 473.2683 2.6315 0.268273 0.0664 0.0708 
  
noise_obs 8 6.6 472.1121 473.2924 2.6556 0.2650598 0.0656 0.0700 
  
capture_obs 6 7.4 472.6448 473.3222 2.6854 0.2611396 0.0647 0.0690 
 
3-days noise_obs_temp 9 6.2 513.0205 514.5081 0 1 0.9291 1 
Carolina Wren 1-day noise_obs_stime2_templn 11 7.8 466.1438 468.3623 0 1 0.6612 0.6995 
  
noise_obs_templn 9 8.4 470.2297 471.7173 3.355 0.1868405 0.1235 0.1307 
  
noise_obs_stime2 10 7.3 470.2261 472.0594 3.6971 0.1574653 0.1041 0.1101 
  
noise_obs 8 7.3 472.1054 473.2857 4.9234 0.0852898 0.0564 0.0597 
 
3-days noise_obs_stime 9 7.0 523.9497 525.4373 0 1 0.7304 0.1744 
  
noise_obs 8 6.6 529.2293 530.4096 4.9723 0.0832298 0.0608 0.189 
  
obs_stime 6 8.5 529.9340 530.6114 5.1741 0.0752417 0.0550 0.2021 
  
obs_stime_capture 7 7.0 529.9069 530.8175 5.3802 0.0678742 0.0496 0.2139 
  
capture_obs 6 7.6 531.2920 531.9694 6.5321 0.0381568 0.0279 0.2206 
Downy Woodpecker 1-day capture_stime 4 6.1 418.7823 419.0998 0 1 0.1173 0.1280 
  
stime 3 5.9 419.1271 419.3161 0.2163 0.897493 0.1053 0.1149 
  
capture 3 3.8 419.5732 419.7622 0.6624 0.7180615 0.0843 0.0919 
  
temp2_stime_capture 6 5.4 419.4588 420.1362 1.0364 0.5955916 0.0699 0.0762 
44 
 
Downy Woodpecker 1-day temp2_stime 5 6.8 419.6604 420.1404 1.0406 0.5943422 0.0697 0.0761 
  
temp2_stime_julianln 6 6.6 419.4884 420.1658 1.066 0.5868418 0.0689 0.0751 
  
julianln 3 7.9 420.1268 420.3158 1.216 0.5444387 0.0639 0.0697 
  
capture_julianln 4 7.0 420.021 420.3385 1.2387 0.5382942 0.0632 0.0689 
  
stime_julianln 4 7.1 420.1337 420.4512 1.3514 0.5088001 0.0597 0.0651 
  
capture_stime_julianln 5 7.2 420.0533 420.5333 1.4335 0.4883368 0.0573 0.0625 
  
psi(.)_p(.) 2 7.3 420.4587 420.5525 1.4527 0.4836712 0.0568 0.0619 
  
julianln_temp2 5 8.0 420.6539 421.1339 2.0341 0.3616603 0.0424 0.0463 
  
capture_temp2 5 2.1 420.9018 421.3818 2.282 0.3194994 0.0375 0.0409 
  
temp2 4 7.0 422.2756 422.5931 3.4933 0.1743571 0.0205 0.0223 
 
3-days julian2_temp2 6 8.2 467.1565 467.8339 0 1 0.1486 0.0134 
  
julian2_temp2_stime 7 7.3 467.3890 468.2996 0.4657 0.7922724 0.1177 0.0239 
  
temp2 4 7.6 468.5599 468.8774 1.0435 0.593481 0.0882 0.0319 
  
obs_temp2_julian2 9 6.9 467.3926 468.8802 1.0463 0.5926508 0.0880 0.0398 
  
obs_temp2 7 7.3 468.2967 469.2073 1.3734 0.503234 0.0748 0.0465 
  
temp2_stime 5 7.0 468.8692 469.3492 1.5153 0.4687667 0.0696 0.0528 
  
noise_temp2_julian2 9 7.1 468.4304 469.918 2.0841 0.3527308 0.0524 0.0575 
  
julian2 4 7.4 469.8087 470.1262 2.2923 0.3178582 0.0472 0.0617 
  
psi(.)_p(.) 2 7.6 470.4894 470.5832 2.7493 0.2529281 0.0376 0.0651 
  
noise_temp2 7 6.0 469.9910 470.9016 3.0677 0.2157036 0.0320 0.068 
  
obs 5 6.7 470.4653 470.9453 3.1114 0.2110416 0.0314 0.0708 
  
capture_temp2 5 7.0 470.5310 471.011 3.1771 0.2042215 0.0303 0.0735 
  
julian2_obs 7 6.6 470.7713 471.6819 3.848 0.1460217 0.0217 0.0755 
  
julian2_capture 5 5.5 471.2098 471.6898 3.8559 0.1454461 0.0216 0.0774 
  
julian2_stime 5 7.9 471.2925 471.7725 3.9386 0.1395545 0.0207 0.0793 
  
noise_julian2 7 6.7 471.3200 472.2306 4.3967 0.1109861 0.0165 0.0808 
  
capture 3 4.6 472.0761 472.2651 4.4312 0.109088 0.0162 0.0822 
Eastern Towhee 1-day obs_templn_julian 7 6.6 173.6397 174.5503 0 1 0.2460 0.2692 
  
noise_obs_templn 9 6.4 173.3635 174.8511 0.3008 0.8603638 0.2117 0.2316 
  
templn_julian 4 8.6 175.4323 175.7498 1.1995 0.5489489 0.1351 0.1478 
  
noise_templn 6 6.9 175.4819 176.1593 1.609 0.4473115 0.1101 0.1204 
  
obs_templn 6 7.3 177.6556 178.333 3.7827 0.150868 0.0371 0.0406 
  
templn 3 8.6 178.3117 178.5007 3.9504 0.1387336 0.0341 0.0374 
  
psi(.)_p(.) 2 6.4 178.7652 178.859 4.3087 0.1159786 0.0285 0.0312 
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Eastern Towhee 1-day obs 5 7.0 178.464 178.944 4.3937 0.1111527 0.0273 0.0299 
  
julian 3 8.3 179.3302 179.5192 4.9689 0.0833714 0.0205 0.0224 
  
capture_templn 4 8.6 179.3533 179.6708 5.1205 0.0772854 0.0190 0.0208 
  
templn_stimeln 4 9.2 179.7725 180.09 5.5397 0.0626714 0.0154 0.0169 
  
julian_obs 6 7.3 179.4898 180.1672 5.6169 0.0602984 0.0148 0.0162 
  
noise_obs 8 6.4 179.0869 180.2672 5.7169 0.0573576 0.0141 0.0154 
 
3-days stime2 4 9.5 183.5458 183.8633 0 1 0.1387 0.0131 
  
stime2_templn 5 7.3 183.8180 184.298 0.4347 0.8046483 0.1116 0.0237 
  
capture_julianln 4 5.5 184.2876 184.6051 0.7418 0.6901129 0.0957 0.0328 
  
templn 3 8.1 185.3748 185.5638 1.7005 0.4273081 0.0593 0.0384 
  
capture_julianln_stime2 6 3.2 184.9072 185.5846 1.7213 0.4228871 0.0587 0.044 
  
psi(.)_p(.) 2 7.4 185.6786 185.7724 1.9091 0.3849853 0.0534 0.049 
  
noise_stime2 7 6.9 184.9135 185.8241 1.9608 0.375161 0.0520 0.054 
  
stime2_capture 5 8.0 185.4200 185.9 2.0367 0.3611904 0.0501 0.0587 
  
julianln_stime2 5 6.2 185.4490 185.929 2.0657 0.3559909 0.0494 0.0634 
  
stime2_templn_capture 6 7.1 185.6091 186.2865 2.4232 0.2977205 0.0413 0.0673 
  
noise_stime2_templn 8 7.7 185.1980 186.3783 2.515 0.284364 0.0394 0.071 
  
stime2_obs 7 6.6 185.5136 186.4242 2.5609 0.2779122 0.0385 0.0747 
  
capture_templn 4 8.3 186.5525 186.87 3.0067 0.2223839 0.0308 0.0776 
  
noise_templn 6 7.5 186.5961 187.2735 3.4102 0.1817542 0.0252 0.08 
  
capture 3 7.0 187.3206 187.5096 3.6463 0.1615162 0.0224 0.0821 
  
noise 5 6.8 187.1364 187.6164 3.7531 0.1531175 0.0212 0.0841 
  
templn_julianln 4 6.8 187.3355 187.653 3.7897 0.1503409 0.0209 0.0861 
Eastern Wood-Pewee 1-day julian2 4 6.8 417.3429 417.6604 0 1 0.1589 0.1748 
  
julian2_obs 7 7.1 417.0782 417.9888 0.3284 0.8485723 0.1348 0.1484 
  
julian2_obs_templn 8 7.8 417.0383 418.2186 0.5582 0.7564643 0.1202 0.1323 
  
julian2_templn 5 7.7 418.1428 418.6228 0.9624 0.6180413 0.0982 0.1081 
  
psi(.)_p(.) 2 7.6 419.1114 419.2052 1.5448 0.4619032 0.0734 0.0808 
  
julian2_capture 5 6.7 419.0051 419.4851 1.8247 0.4015794 0.0638 0.0702 
  
julian2_obs_capture 8 7.0 418.4188 419.5991 1.9387 0.3793295 0.0603 0.0663 
  
julian2_stimeln 5 7.0 419.3251 419.8051 2.1447 0.3422034 0.0544 0.0598 
  
julian2_capture_templn 6 6.8 419.8071 420.4845 2.8241 0.2436433 0.0387 0.0426 
  
capture 3 6.9 420.8596 421.0486 3.3882 0.1837645 0.0292 0.0321 
  
templn 3 7.2 420.8801 421.0691 3.4087 0.1818906 0.0289 0.0318 
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Eastern Wood-Pewee 1-day stimeln 3 6.4 421.0594 421.2484 3.588 0.1662937 0.0264 0.0291 
  
julian2_capture_stimeln 6 7.2 420.9698 421.6472 3.9868 0.1362315 0.0216 0.0238 
 
3-days psi(.)_p(.) 2 6.6 486.3558 486.4496 0 1 0.1890 0.0208 
  
stime 3 7.8 487.1412 487.3302 0.8806 0.6438432 0.1217 0.0341 
  
temp2_stime 5 7.5 487.1880 487.668 1.2184 0.5437857 0.1028 0.0454 
  
temp2 4 8.4 487.6072 487.9247 1.4751 0.4782843 0.0904 0.0553 
  
julian 3 6.5 488.2292 488.4182 1.9686 0.3737007 0.0706 0.0631 
  
capture 3 6.6 488.3508 488.5398 2.0902 0.3516567 0.0665 0.0704 
  
julian_stime 4 7.3 488.9950 489.3125 2.8629 0.2389622 0.0452 0.0753 
  
capture_stime 4 7.7 489.1009 489.4184 2.9688 0.2266383 0.0428 0.0801 
  
temp2_stime_julian 6 8.0 489.0949 489.7723 3.3227 0.1898825 0.0359 0.084 
  
capture_temp2 5 6.8 489.5075 489.9875 3.5379 0.1705119 0.0322 0.0875 
  
obs 5 7.6 489.5104 489.9904 3.5408 0.1702649 0.0322 0.0911 
  
julian_temp2 5 7.8 489.5879 490.0679 3.6183 0.1637933 0.0310 0.0945 
  
psi(.)_p(survey) 4 6.2 489.8632 490.1807 3.7311 0.154811 0.0293 0.0977 
  
capture_julian 4 6.7 489.9271 490.2446 3.795 0.149943 0.0283 0.1008 
Great Crested Flycatcher 1-day capture_stimeln 4 7.0 457.2571 457.5746 0 1 0.1875 0.2047 
  
stimeln 3 8.1 457.4905 457.6795 0.1049 0.9489018 0.1779 0.1942 
  
capture_stimeln_julian 5 7.9 457.5354 458.0154 0.4408 0.8021979 0.1504 0.1642 
  
stimeln_julian 4 8.0 457.9235 458.241 0.6664 0.7166269 0.1344 0.1467 
  
templn_stimeln_capture 5 7.2 458.5757 459.0557 1.4811 0.4768516 0.0894 0.0976 
  
templn_stimeln 4 7.2 458.8312 459.1487 1.5741 0.4551856 0.0853 0.0932 
  
templn_stimeln_julian 5 7.3 459.4704 459.9504 2.3758 0.3048608 0.0572 0.0624 
  
obs_stimeln 6 6.8 460.3133 460.9907 3.4161 0.1812188 0.0340 0.0371 
 
3-days obs_stime_templn 7 7.8 489.9077 490.8183 0 1 0.4075 0.0819 
  
templn_stime 4 7.9 492.5632 492.8807 2.0624 0.3565788 0.1453 0.1111 
  
noise_stime_templn 7 7.0 492.5369 493.4475 2.6292 0.2685817 0.1094 0.1331 
  
noise_obs_stime_templn 10 7.0 491.9528 493.7861 2.9678 0.2267516 0.0924 0.1516 
  
obs_stime 6 6.8 493.9223 494.5997 3.7814 0.1509661 0.0615 0.164 
  
obs_templn 6 7.6 493.9313 494.6087 3.7904 0.1502883 0.0612 0.1763 
  
stime 3 7.9 495.9342 496.1232 5.3049 0.0704783 0.0287 0.1821 
Hairy Woodpecker 1-day julian2_stime2_temp 7 8.7 130.8649 131.7755 0 1 0.3902 0.4319 
  
julian2_temp 5 8.4 132.5755 133.0555 1.28 0.5272924 0.2057 0.2277 
  
julian2_stime2 6 8.7 133.1466 133.824 2.0485 0.3590657 0.1401 0.1551 
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Hairy Woodpecker 1-day julian2_temp_capture 6 8.3 134.3984 135.0758 3.3003 0.1920211 0.0749 0.0829 
  
julian2 4 7.8 134.922 135.2395 3.464 0.1769302 0.0690 0.0764 
  
julian2_capture 5 6.7 136.9217 137.4017 5.6262 0.0600186 0.0234 0.0259 
 
3-days obs 5 5.4 185.2430 185.723 0 1 0.2978 0.0396 
  
obs_templn 6 3.8 186.7927 187.4701 1.7471 0.4174669 0.1243 0.0561 
  
capture_obs 6 7.0 187.1113 187.7887 2.0657 0.3559909 0.1060 0.0702 
  
julianln_obs 6 6.8 187.2290 187.9064 2.1834 0.3356454 0.0999 0.0835 
  
noise_obs 8 2.8 188.0500 189.2303 3.5073 0.1731408 0.0516 0.0904 
  
obs_templn_stime 7 6.1 188.3622 189.2728 3.5498 0.1695004 0.0505 0.0971 
  
obs_templn_capture 7 6.0 188.5111 189.4217 3.6987 0.1573394 0.0469 0.1033 
  
obs_templn_julianln 7 6.5 188.7849 189.6955 3.9725 0.137209 0.0409 0.1088 
  
obs_julianln_stime 7 5.9 189.1361 190.0467 4.3237 0.115112 0.0343 0.1133 
  
psi(.)_p(.) 2 6.8 189.9745 190.0683 4.3453 0.1138754 0.0339 0.1178 
  
psi(.)_p(survey) 4 7.2 191.3762 191.6937 5.9707 0.0505218 0.0150 0.1198 
Hooded Warbler 1-day noise_obs 8 5.6 196.9639 198.1442 0 1 0.2884 0.3189 
  
noise_obs_templn 9 4.9 198.098 199.5856 1.4414 0.4864116 0.1403 0.1551 
  
julianln_obs_noise 9 6.2 198.3438 199.8314 1.6872 0.4301592 0.1241 0.1372 
  
noise_obs_stime2 10 4.8 198.4855 200.3188 2.1746 0.3371255 0.0972 0.1075 
  
obs 5 4.8 200.7498 201.2298 3.0856 0.2137817 0.0617 0.0682 
  
julianln_obs 6 2.9 200.9831 201.6605 3.5163 0.1723634 0.0497 0.0550 
  
stime2_obs_templn 8 5.9 200.9019 202.0822 3.938 0.1395964 0.0403 0.0445 
  
stime2_obs 7 7.4 201.3424 202.253 4.1088 0.1281697 0.0370 0.0409 
  
noise 5 6.7 201.9769 202.4569 4.3127 0.1157468 0.0334 0.0369 
  
obs_templn 6 5.6 201.8373 202.5147 4.3705 0.1124496 0.0324 0.0359 
 
3-days noise_julianln_capture 7 6.1 208.6036 209.5142 0 1 0.8253 0.3109 
  
capture_julianln 4 5.0 214.3353 214.6528 5.1386 0.0765891 0.0632 0.3347 
  
noise_obs_julianln_capture 10 4.1 213.1914 215.0247 5.5105 0.0635931 0.0525 0.3544 
Indigo Bunting 1-day obs_stime 6 7.6 148.1031 148.7805 0 1 0.1649 0.1798 
  
noise_obs_templn_stime 10 4.9 147.2932 149.1265 0.346 0.8411376 0.1387 0.1513 
  
obs_stime_templn 7 3.7 148.2179 149.1285 0.348 0.8402969 0.1386 0.1511 
  
noise_stime_templn 7 4.6 149.094 150.0046 1.2241 0.5422381 0.0894 0.0975 
  
noise_templn 6 6.3 149.3419 150.0193 1.2388 0.5382673 0.0888 0.0968 
  
noise_obs_templn 9 4.8 148.7871 150.2747 1.4942 0.4737384 0.0781 0.0852 
  
noise_obs 8 7.0 149.9641 151.1444 2.3639 0.3066801 0.0506 0.0551 
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Indigo Bunting 1-day noise 5 6.0 150.7192 151.1992 2.4187 0.2983912 0.0492 0.0537 
  
noise_obs_stime 9 5.7 149.7923 151.2799 2.4994 0.2865908 0.0473 0.0515 
  
noise_stime 6 5.0 151.8095 152.4869 3.7064 0.1567348 0.0258 0.0282 
  
obs 5 6.0 152.1303 152.6103 3.8298 0.1473566 0.0243 0.0265 
  
noise_julianln 6 3.3 152.1887 152.8661 4.0856 0.1296651 0.0214 0.0233 
 
3-days noise_capture_julian 7 6.6 175.2394 176.15 0 1 0.7292 0.2168 
  
noise_capture 6 5.1 179.3616 180.039 3.889 0.1430587 0.1043 0.2478 
  
noise 5 7.3 181.0690 181.549 5.399 0.0672391 0.0490 0.2623 
  
noise_capture_temp 7 3.3 181.2389 182.1495 5.9995 0.0497995 0.0363 0.2731 
Mourning Dove 1-day stime2_capture 5 6.2 159.0155 159.4955 0 1 0.2402 0.2629 
  
stime2_capture_julian 6 7.6 159.9244 160.6018 1.1063 0.5751353 0.1381 0.1512 
  
capture_temp 4 4.2 161.2097 161.5272 2.0317 0.3620945 0.0870 0.0952 
  
stime2_capture_temp 6 2.0 160.9443 161.6217 2.1262 0.3453835 0.0829 0.0908 
  
julian_stime2 5 7.8 161.2565 161.7365 2.241 0.3261167 0.0783 0.0857 
  
psi(.)_p(.) 2 7.9 161.9221 162.0159 2.5204 0.2835973 0.0681 0.0746 
  
psi(.)_p(survey) 4 7.7 162.166 162.4835 2.988 0.224473 0.0539 0.0590 
  
julian 3 7.0 162.3499 162.5389 3.0434 0.2183404 0.0524 0.0574 
  
capture_obs 6 4.8 162.748 163.4254 3.9299 0.1401629 0.0337 0.0369 
  
capture_noise 6 6.1 163.0047 163.6821 4.1866 0.1232796 0.0296 0.0324 
  
stime 3 7.6 163.8326 164.0216 4.5261 0.1040327 0.0250 0.0274 
  
temp 3 7.6 163.8961 164.0851 4.5896 0.1007815 0.0242 0.0265 
 
3-days noise_obs 8 3.3 199.4088 200.5891 0 1 0.2056 0.0219 
  
obs 5 3.7 200.8834 201.3634 0.7743 0.6789892 0.1396 0.0368 
  
noise_obs_temp2 10 3.0 200.3358 202.1691 1.58 0.4538448 0.0933 0.0468 
  
noise_obs_julianln 9 5.5 200.7092 202.1968 1.6077 0.4476024 0.0920 0.0566 
  
julianln_obs 6 5.7 201.8659 202.5433 1.9542 0.3764011 0.0774 0.0649 
  
capture_obs 6 5.3 202.6641 203.3415 2.7524 0.2525364 0.0519 0.0704 
  
obs_temp2 7 4.9 202.5235 203.4341 2.845 0.2411105 0.0496 0.0757 
  
obs_stimeln 6 2.5 202.8802 203.5576 2.9685 0.2266723 0.0466 0.0807 
  
obs_temp2_julianln 8 6.6 203.2004 204.3807 3.7916 0.1501981 0.0309 0.084 
  
julianln 3 6.9 204.3030 204.492 3.9029 0.1420679 0.0292 0.0871 
  
noise_julianln 6 6.3 203.9041 204.5815 3.9924 0.1358505 0.0279 0.0901 
  
noise 5 6.6 204.2389 204.7189 4.1298 0.126831 0.0261 0.0929 
  
psi(.)_p(.) 2 6.7 205.2362 205.33 4.7409 0.0934387 0.0192 0.0949 
49 
 
Mourning Dove 3-days psi(.)_p(survey) 4 6.6 205.0309 205.3484 4.7593 0.092583 0.0190 0.097 
Northern Cardinal 1-day temp 3 7.6 505.0209 505.2099 0 1 0.1912 0.2095 
  
capture_temp 4 7.9 505.4164 505.7339 0.524 0.769511 0.1471 0.1612 
  
temp_julianln_capture 5 8.0 505.5661 506.0461 0.8362 0.6582964 0.1259 0.1379 
  
temp_julianln 4 7.9 505.7771 506.0946 0.8847 0.6425247 0.1228 0.1346 
  
stime_temp 4 8.1 506.7874 507.1049 1.895 0.3877091 0.0741 0.0812 
  
temp_stime_capture 5 7.5 506.9638 507.4438 2.2339 0.3272765 0.0626 0.0685 
  
temp_julianln_stime 5 7.5 507.6945 508.1745 2.9646 0.2271147 0.0434 0.0476 
  
julianln 3 6.6 508.416 508.605 3.3951 0.1831316 0.0350 0.0384 
  
capture_julianln 4 8.6 508.3212 508.6387 3.4288 0.1800717 0.0344 0.0377 
  
stime 3 8.2 508.8882 509.0772 3.8673 0.1446194 0.0276 0.0303 
  
psi(.)_p(.) 2 7.8 509.124 509.2178 4.0079 0.1348018 0.0258 0.0282 
  
stime_julianln 4 6.7 509.144 509.4615 4.2516 0.1193375 0.0228 0.0250 
 
3-days obs 5 7.5 539.8780 540.358 0 1 0.2049 0.0311 
  
obs_temp 6 7.2 540.2599 540.9373 0.5793 0.7485255 0.1534 0.0543 
  
obs_stime 6 7.5 540.5611 541.2385 0.8805 0.6438754 0.1319 0.0743 
  
capture_obs 6 6.8 540.9512 541.6286 1.2706 0.5297765 0.1085 0.0908 
  
obs_stime_capture 7 7.9 541.4016 542.3122 1.9542 0.3764011 0.0771 0.1025 
  
julian_obs 6 4.3 541.7002 542.3776 2.0196 0.3642918 0.0746 0.1138 
  
obs_temp_capture 7 7.2 541.5476 542.4582 2.1002 0.3499028 0.0717 0.1246 
  
obs_stime_temp 7 7.1 541.8427 542.7533 2.3953 0.3019029 0.0619 0.134 
  
capture_stime 4 8.4 545.3194 545.6369 5.2789 0.0714005 0.0146 0.1362 
  
noise_obs 8 6.9 544.5470 545.7273 5.3693 0.0682451 0.0140 0.1384 
Northern Flicker 1-day temp2 4 7.8 132.224 132.5415 0 1 0.1560 0.1703 
  
temp2_stime 5 8.3 132.7543 133.2343 0.6928 0.7072295 0.1103 0.1205 
  
obs_temp2 7 6.8 132.6741 133.5847 1.0432 0.5935701 0.0926 0.1011 
  
capture_temp2 5 4.5 133.4236 133.9036 1.3621 0.5060853 0.0790 0.0862 
  
psi(.)_p(.) 2 8.2 134.2711 134.3649 1.8234 0.4018405 0.0627 0.0684 
  
obs_temp2_stime 8 7.1 133.4522 134.6325 2.091 0.351516 0.0548 0.0599 
  
julianln_temp2 5 6.5 134.1844 134.6644 2.1229 0.3459538 0.0540 0.0589 
  
stime 3 6.2 134.5241 134.7131 2.1716 0.3376316 0.0527 0.0575 
  
temp2_stime_capture 6 5.7 134.1331 134.8105 2.269 0.3215829 0.0502 0.0548 
  
capture_obs 6 2.2 134.4224 135.0998 2.5583 0.2782737 0.0434 0.0474 
  
temp2_stime_julianln 6 7.1 134.5194 135.1968 2.6553 0.2650995 0.0414 0.0452 
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Northern Flicker 1-day psi(.)_p(survey) 4 6.8 135.0824 135.3999 2.8584 0.2395004 0.0374 0.0408 
  
julianln 3 8.1 135.8019 135.9909 3.4494 0.1782265 0.0278 0.0304 
  
stime_julianln 4 8.0 135.6845 136.002 3.4605 0.1772401 0.0277 0.0302 
  
capture 3 6.5 135.9314 136.1204 3.5789 0.167052 0.0261 0.0285 
 
3-days noise_templn_capture 7 7.2 169.4451 170.3557 0 1 0.2949 0.0428 
  
noise_templn 6 7.5 170.8584 171.5358 1.1801 0.5542996 0.1635 0.0665 
  
noise 5 7.6 171.9902 172.4702 2.1145 0.3474099 0.1025 0.0814 
  
noise_obs_templn 9 6.2 171.4636 172.9512 2.5955 0.2731457 0.0806 0.0931 
  
noise_capture 6 8.5 172.6776 173.355 2.9993 0.2232083 0.0658 0.1027 
  
noise_templn_julianln 7 7.3 172.7055 173.6161 3.2604 0.1958904 0.0578 0.111 
  
noise_obs 8 6.3 172.9804 174.1607 3.805 0.1491952 0.0440 0.1174 
  
noise_julianln 6 7.5 173.5467 174.2241 3.8684 0.1445399 0.0426 0.1236 
  
noise_stimeln 6 7.8 173.6776 174.355 3.9993 0.1353827 0.0399 0.1294 
  
templn 3 7.1 175.8392 176.0282 5.6725 0.0586452 0.0173 0.1319 
Northern Parula 1-day noise_temp2_julianln 8 6.1 198.9752 200.1555 0 1 0.2324 0.2561 
  
noise_temp2 7 6.0 200.3472 201.2578 1.1023 0.5762867 0.1339 0.1476 
  
temp2 4 8.6 201.4925 201.81 1.6545 0.4372501 0.1016 0.1120 
  
julianln_temp2 5 8.0 201.7963 202.2763 2.1208 0.3463173 0.0805 0.0887 
  
noise_temp2_stimeln 8 6.0 201.4245 202.6048 2.4493 0.2938605 0.0683 0.0753 
  
noise_temp2_capture 8 5.4 202.2914 203.4717 3.3162 0.1905006 0.0443 0.0488 
  
psi(.)_p(.) 2 6.7 203.5141 203.6079 3.4524 0.1779594 0.0414 0.0456 
  
capture_temp2 5 8.2 203.4322 203.9122 3.7567 0.1528421 0.0355 0.0391 
  
stimeln_temp2 5 6.8 203.4622 203.9422 3.7867 0.1505666 0.0350 0.0386 
  
noise 5 6.0 204.0302 204.5102 4.3547 0.1133415 0.0263 0.0290 
  
obs_temp2 7 6.8 203.6978 204.6084 4.4529 0.1079108 0.0251 0.0276 
  
noise_julianln 6 6.7 203.964 204.6414 4.4859 0.1061449 0.0247 0.0272 
  
stimeln 3 8.1 204.8035 204.9925 4.837 0.0890551 0.0207 0.0228 
  
julianln 3 7.3 204.8743 205.0633 4.9078 0.0859577 0.0200 0.0220 
  
noise_obs 8 7.2 204.1113 205.2916 5.1361 0.0766849 0.0178 0.0196 
 
3-days capture_obs 6 7.4 256.0756 256.753 0 1 0.2135 0.0256 
  
noise_julian 6 9.3 257.4065 258.0839 1.3309 0.5140422 0.1098 0.0387 
  
julian 3 9.0 258.3323 258.5213 1.7683 0.4130651 0.0882 0.0493 
  
capture 3 8.0 258.3666 258.5556 1.8026 0.4060415 0.0867 0.0596 
  
capture_obs_julian 7 7.1 258.0749 258.9855 2.2325 0.3275056 0.0699 0.068 
51 
 
Northern Parula 3-days noise_capture 6 6.9 258.6039 259.2813 2.5283 0.2824793 0.0603 0.0752 
  
psi(.)_p(survey) 4 6.8 259.0405 259.358 2.605 0.2718513 0.0581 0.0822 
  
capture_julian 4 7.1 259.4278 259.7453 2.9923 0.2239909 0.0478 0.0879 
  
noise_julian_capture 7 6.7 258.8926 259.8032 3.0502 0.2175993 0.0465 0.0935 
  
julian_temp 4 8.4 259.6872 260.0047 3.2517 0.1967444 0.0420 0.0985 
  
capture_temp 4 8.0 259.8012 260.1187 3.3657 0.1858436 0.0397 0.1033 
  
julian_stime 4 7.3 260.1844 260.5019 3.7489 0.1534393 0.0328 0.1072 
  
capture_stime 4 7.2 260.2324 260.5499 3.7969 0.1498006 0.0320 0.111 
Ovenbird 1-day noise_templn 6 7.0 363.5268 364.2042 0 1 0.2340 0.2519 
  
noise_obs 8 7.3 364.1407 365.321 1.1168 0.5721237 0.1339 0.1441 
  
noise 5 7.2 365.389 365.869 1.6648 0.435004 0.1018 0.1096 
  
noise_obs_templn 9 7.2 364.7337 366.2213 2.0171 0.3647475 0.0854 0.0919 
  
obs 5 6.4 365.7643 366.2443 2.0401 0.3605769 0.0844 0.0908 
  
noise_obs_julianln 9 6.8 365.6752 367.1628 2.9586 0.2277971 0.0533 0.0574 
  
julianln_obs 6 7.0 366.5013 367.1787 2.9745 0.2259933 0.0529 0.0569 
  
noise_obs_capture 9 6.4 366.1137 367.6013 3.3971 0.1829486 0.0428 0.0461 
  
obs_stime 6 6.6 367.2328 367.9102 3.706 0.1567662 0.0367 0.0395 
  
noise_stime 6 7.0 367.3138 367.9912 3.787 0.150544 0.0352 0.0379 
  
capture_noise 6 6.7 367.364 368.0414 3.8372 0.1468124 0.0344 0.0370 
  
noise_julianln 6 6.9 367.3781 368.0555 3.8513 0.145781 0.0341 0.0367 
 
3-days obs_julian2_temp2 9 6.6 420.1319 421.6195 0 1 0.3353 0.0943 
  
noise_obs_julian2_temp2 12 7.6 419.1288 421.7729 0.1534 0.9261677 0.3105 0.1817 
  
noise_obs_julian2 10 6.8 421.8688 423.7021 2.0826 0.3529955 0.1184 0.215 
  
julian2_obs 7 7.3 423.1749 424.0855 2.466 0.291417 0.0977 0.2425 
  
noise_julian2_temp2 9 7.4 422.8740 424.3616 2.7421 0.2538403 0.0851 0.2664 
           Pileated Woodpecker 1-day stime2_noise_julian2_temp2 11 7.7 151.4462 153.6647 0 1 0.3488 0.3800 
  
stime2_noise_julian2 9 9.1 153.6054 155.093 1.4283 0.4896081 0.1708 0.1861 
  
stime2_noise 7 7.8 155.1784 156.089 2.4243 0.2975568 0.1038 0.1131 
  
stime2 4 8.8 156.8177 157.1352 3.4705 0.1763561 0.0615 0.0670 
  
stime2_temp2_julian2 8 8.2 156.3853 157.5656 3.9009 0.1422101 0.0496 0.0540 
  
stime2_temp2 6 7.3 157.0664 157.7438 4.0791 0.1300872 0.0454 0.0494 
  
julian2_stime2 6 7.8 157.1995 157.8769 4.2122 0.1217117 0.0425 0.0463 
  
stime2_noise_temp2 9 7.2 156.5704 158.058 4.3933 0.111175 0.0388 0.0422 
  
stime2_capture 5 7.0 157.7351 158.2151 4.5504 0.1027764 0.0359 0.0391 
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Pileated Woodpecker 1-day julian2_obs 7 8.9 158.3837 159.2943 5.6296 0.0599167 0.0209 0.0228 
 
3-days obs_stimeln 6 6.3 137.3926 138.07 0 1 0.3091 0.0663 
  
obs_stimeln_temp 7 5.7 138.4103 139.3209 1.2509 0.5350206 0.1654 0.1017 
  
noise_obs_stimeln 9 4.1 138.4466 139.9342 1.8642 0.393726 0.1217 0.1278 
  
obs_temp 6 2.9 139.5485 140.2259 2.1559 0.3402924 0.1052 0.1504 
  
obs_stimeln_capture 7 3.0 139.3647 140.2753 2.2053 0.3319901 0.1026 0.1724 
  
obs 5 3.7 140.6208 141.1008 3.0308 0.2197203 0.0679 0.187 
  
capture_obs 6 5.3 141.7629 142.4403 4.3703 0.1124609 0.0348 0.1944 
Pine Warbler 1-day obs 5 7.2 324.4155 324.8955 0 1 0.1497 0.1635 
  
obs_stimeln 6 7.3 324.6538 325.3312 0.4357 0.8042461 0.1204 0.1315 
  
templn_stimeln 4 7.1 325.0643 325.3818 0.4863 0.7841539 0.1174 0.1282 
  
obs_stimeln_templn 7 7.3 324.6055 325.5161 0.6206 0.733227 0.1098 0.1199 
  
julianln_obs 6 7.2 325.6634 326.3408 1.4453 0.4854641 0.0727 0.0794 
  
capture_obs 6 7.2 325.8044 326.4818 1.5863 0.4524174 0.0677 0.0740 
  
obs_templn 6 7.3 326.0554 326.7328 1.8373 0.3990574 0.0597 0.0652 
  
stimeln 3 8.1 326.8721 327.0611 2.1656 0.338646 0.0507 0.0554 
  
obs_stimeln_capture 7 7.3 326.5077 327.4183 2.5228 0.2832572 0.0424 0.0463 
  
psi(.)_p(.) 2 7.7 327.6707 327.7645 2.869 0.2382345 0.0357 0.0390 
  
templn 3 7.8 328.1142 328.3032 3.4077 0.1819815 0.0272 0.0298 
  
obs_capture_templn 7 7.6 327.438 328.3486 3.4531 0.1778971 0.0266 0.0291 
  
capture_stimeln 4 7.1 328.8073 329.1248 4.2293 0.1206755 0.0181 0.0197 
  
stimeln_julianln 4 6.5 328.8711 329.1886 4.2931 0.1168867 0.0175 0.0191 
 
3-days capture_julianln 4 7.4 386.7922 387.1097 0 1 0.3858 0.1023 
  
capture_julianln_templn 5 7.4 386.9547 387.4347 0.325 0.8500161 0.3279 0.1893 
  
capture_julianln_stime 5 8.0 388.3553 388.8353 1.7256 0.4219789 0.1628 0.2325 
  
julianln 3 7.5 393.5912 393.7802 6.6705 0.0356057 0.0137 0.2362 
  
templn_julianln 4 7.6 393.5862 393.9037 6.794 0.0334735 0.0129 0.2396 
Red-bellied Woodpecker 1-day stime2_noise 7 6.4 373.2775 374.1881 0 1 0.2237 0.2414 
  
noise 5 6.6 374.4409 374.9209 0.7328 0.6932255 0.1551 0.1673 
  
noise_templn 6 7.2 374.6755 375.3529 1.1648 0.5585562 0.1249 0.1348 
  
noise_obs 8 6.5 374.3806 375.5609 1.3728 0.503385 0.1126 0.1215 
  
stime2_noise_templn 8 6.2 374.8885 376.0688 1.8807 0.3904911 0.0873 0.0943 
  
noise_obs_templn 9 6.0 374.71 376.1976 2.0095 0.3661362 0.0819 0.0884 
  
noise_julianln 6 6.5 375.7132 376.3906 2.2025 0.3324553 0.0744 0.0802 
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Red-bellied Woodpecker 1-day noise_obs_stime2 10 6.5 374.7705 376.6038 2.4157 0.2988391 0.0668 0.0721 
 
3-days obs_temp 6 7.8 433.3708 434.0482 0 1 0.0948 0.0081 
  
temp 3 6.8 434.0420 434.231 0.1828 0.9126526 0.0865 0.0156 
  
noise_temp 6 7.4 434.1131 434.7905 0.7423 0.6899404 0.0654 0.0212 
  
stime 3 8.0 434.6301 434.8191 0.7709 0.6801445 0.0645 0.0268 
  
stime_temp 4 3.2 434.8306 435.1481 1.0999 0.5769787 0.0547 0.0315 
  
noise_obs_temp 9 6.2 433.8158 435.3034 1.2552 0.5338716 0.0506 0.0358 
  
obs_temp_stime 7 7.8 434.6322 435.5428 1.4946 0.4736437 0.0449 0.0397 
  
julian2_temp 5 7.9 435.1105 435.5905 1.5423 0.4624809 0.0438 0.0434 
  
noise_stime 6 7.2 434.9311 435.6085 1.5603 0.4583373 0.0435 0.0472 
  
obs_stime 6 7.7 435.0085 435.6859 1.6377 0.4409384 0.0418 0.0508 
  
capture_stime 4 7.0 435.3976 435.7151 1.6669 0.4345475 0.0412 0.0543 
  
capture_temp 4 7.4 435.4197 435.7372 1.689 0.4297722 0.0407 0.0578 
  
capture_obs 6 6.9 435.0986 435.776 1.7278 0.421515 0.0400 0.0612 
  
psi(.)_p(.) 2 8.5 435.9000 435.9938 1.9456 0.3780231 0.0358 0.0643 
  
noise 5 7.2 435.5971 436.0771 2.0289 0.3626018 0.0344 0.0673 
  
noise_temp_stime 7 7.0 435.2044 436.115 2.0668 0.3557952 0.0337 0.0702 
  
obs 5 8.2 435.6498 436.1298 2.0816 0.353172 0.0335 0.0731 
  
julian2_stime 5 7.9 436.0514 436.5314 2.4832 0.2889216 0.0274 0.0754 
  
noise_julian2 7 7.9 436.0508 436.9614 2.9132 0.2330272 0.0221 0.0773 
  
noise_obs 8 7.0 435.9317 437.112 3.0638 0.2161246 0.0205 0.0791 
Red-eyed Vireo 1-day capture_obs 6 7.4 440.0435 440.7209 0 1 0.3212 0.3530 
  
capture_obs_stime 7 6.4 440.0111 440.9217 0.2008 0.9044756 0.2905 0.3193 
  
capture_obs_julian 7 7.3 441.6591 442.5697 1.8488 0.3967694 0.1274 0.1400 
  
noise_obs_capture 9 7.5 441.9664 443.454 2.7331 0.2549851 0.0819 0.0900 
  
obs 5 7.6 443.8834 444.3634 3.6425 0.1618233 0.0520 0.0571 
  
obs_stime 6 6.8 444.368 445.0454 4.3245 0.1150659 0.0370 0.0406 
 
3-days obs_temp2_stime 8 7.6 476.0814 477.2617 0 1 0.5212 0.3445 
  
obs_temp2_stime_capture 9 7.7 475.9787 477.4663 0.2046 0.9027587 0.4705 0.6555 
Scarlet Tanager 1-day stime2_obs 7 6.0 154.6965 155.6071 0 1 0.2592 0.2842 
  
stime2_obs_templn 8 5.6 155.7069 156.8872 1.2801 0.5272661 0.1367 0.1499 
  
noise_obs_templn 9 5.1 155.7057 157.1933 1.5862 0.4524401 0.1173 0.1286 
  
noise_obs_stime2 10 6.7 155.4856 157.3189 1.7118 0.4249006 0.1101 0.1208 
  
noise_obs 8 3.4 156.309 157.4893 1.8822 0.3901984 0.1011 0.1109 
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Scarlet Tanager 1-day obs_templn 6 5.5 156.9899 157.6673 2.0602 0.3569713 0.0925 0.1015 
  
obs 5 6.2 158.1662 158.6462 3.0391 0.2188103 0.0567 0.0622 
  
julianln_obs 6 5.5 158.7558 159.4332 3.8261 0.1476294 0.0383 0.0420 
 
3-days noise_obs_julianln 9 5.2 210.9776 212.4652 0 1 0.2678 0.0813 
  
julianln_obs 6 5.6 211.8479 212.5253 0.0601 0.970397 0.2599 0.1602 
  
noise_julianln 6 7.6 212.2644 212.9418 0.4766 0.7879663 0.2110 0.2242 
  
julianln_obs_capture 7 5.0 213.4084 214.319 1.8538 0.3957787 0.1060 0.2564 
  
noise_julianln_capture 7 7.5 214.2085 215.1191 2.6539 0.2652851 0.0710 0.2779 
Summer Tanager 1-day julian2_capture 5 6.5 352.1413 352.6213 0 1 0.2952 0.3200 
  
julian2 4 7.4 353.9578 354.2753 1.654 0.4373594 0.1291 0.1400 
  
julian2_capture_stime 6 8.0 353.8986 354.576 1.9547 0.376307 0.1111 0.1204 
  
julian2_capture_templn 6 6.9 353.9819 354.6593 2.038 0.3609557 0.1066 0.1155 
  
julian2_noise_capture 8 6.9 353.519 354.6993 2.078 0.3538083 0.1045 0.1132 
  
julian2_noise 7 6.9 355.4657 356.3763 3.755 0.1529721 0.0452 0.0490 
  
julian2_stime 5 7.4 355.9077 356.3877 3.7664 0.1521026 0.0449 0.0487 
  
julian2_templn 5 6.7 355.9317 356.4117 3.7904 0.1502883 0.0444 0.0481 
 
3-days julian2_obs 7 8.2 355.6261 356.5367 3.9154 0.1411828 0.0417 0.0452 
  
julian2_obs 7 8.6 431.3756 432.2862 0 1 0.3276 0.0534 
  
julian2_obs_temp 8 6.8 433.0429 434.2232 1.937 0.3796521 0.1244 0.0737 
  
julian2_obs_stimeln 8 7.0 433.1483 434.3286 2.0424 0.3601625 0.1180 0.0929 
  
julian2 4 8.4 434.2624 434.5799 2.2937 0.3176357 0.1041 0.1099 
  
noise_obs_julian2 10 6.8 433.9130 435.7463 3.4601 0.1772755 0.0581 0.1193 
  
noise_julian2 7 7.6 435.2401 436.1507 3.8645 0.144822 0.0474 0.1271 
  
julian2_stimeln 5 8.1 435.7680 436.248 3.9618 0.137945 0.0452 0.1344 
  
julian2_temp 5 7.3 435.7691 436.2491 3.9629 0.1378692 0.0452 0.1418 
  
julian2_capture 5 6.2 436.2624 436.7424 4.4562 0.1077329 0.0353 0.1475 
Tufted Titmouse 1-day obs_stimeln 6 7.3 479.3934 480.0708 0 1 0.2804 0.3074 
  
obs_stimeln_capture 7 8.3 479.6245 480.5351 0.4643 0.7928272 0.2223 0.2437 
  
obs_stimeln_templn 7 6.8 479.6877 480.5983 0.5275 0.7681656 0.2154 0.2361 
  
obs 5 7.8 482.4063 482.8863 2.8155 0.2446932 0.0686 0.0752 
  
capture_obs 6 6.9 482.6748 483.3522 3.2814 0.1938443 0.0544 0.0596 
  
julianln_obs 6 6.9 483.0351 483.7125 3.6417 0.1618881 0.0454 0.0498 
  
obs_templn 6 6.9 484.1626 484.84 4.7692 0.0921258 0.0258 0.0283 
 
3-days noise_temp2_capture 8 7.2 499.5838 500.7641 0 1 0.5351 0.1362 
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Tufted Titmouse 3-days noise_temp2 7 6.6 502.0747 502.9853 2.2212 0.3293613 0.1762 0.181 
  
noise_temp2_julianln 8 6.7 502.0750 503.2553 2.4912 0.2877682 0.1540 0.2202 
  
noise_capture 6 7.6 505.6811 506.3585 5.5944 0.0609806 0.0326 0.2285 
  
noise 5 7.5 506.6781 507.1581 6.394 0.0408847 0.0219 0.2341 
White-breasted Nuthatch 1-day capture_obs 6 6.5 373.3428 374.0202 0 1 0.1059 0.1161 
  
obs_julian_capture 7 6.6 373.3068 374.2174 0.1972 0.9061051 0.0960 0.1052 
  
julian_obs 6 6.3 373.71 374.3874 0.3672 0.8322686 0.0882 0.0966 
  
obs 5 6.6 374.3796 374.8596 0.8394 0.657244 0.0696 0.0763 
  
templn_julian 4 7.4 374.6699 374.9874 0.9672 0.6165598 0.0653 0.0716 
  
templn 3 8.2 374.9789 375.1679 1.1477 0.5633524 0.0597 0.0654 
  
obs_templn 6 6.6 374.583 375.2604 1.2402 0.5378906 0.0570 0.0624 
  
julian 3 7.7 375.3783 375.5673 1.5471 0.4613723 0.0489 0.0536 
  
obs_templn_capture 7 6.9 374.6966 375.6072 1.587 0.4522591 0.0479 0.0525 
  
capture_templn 4 7.7 375.3076 375.6251 1.6049 0.4482295 0.0475 0.0520 
  
capture_julian 4 7.3 375.3669 375.6844 1.6642 0.4351345 0.0461 0.0505 
  
obs_templn_julian 7 6.1 374.8189 375.7295 1.7093 0.4254321 0.0451 0.0494 
  
obs_stimeln 6 6.7 375.233 375.9104 1.8902 0.3886407 0.0412 0.0451 
  
capture 3 6.4 375.8584 376.0474 2.0272 0.3629101 0.0384 0.0421 
  
capture_stimeln 4 7.3 375.9637 376.2812 2.261 0.3228718 0.0342 0.0375 
  
psi(.)_p(.) 2 6.7 377.1106 377.2044 3.1842 0.2034978 0.0216 0.0236 
 
3-days temp 3 7.0 405.8437 406.0327 0 1 0.1889 0.0223 
  
julian2_temp 5 7.1 406.0577 406.5377 0.505 0.7768562 0.1467 0.0396 
  
capture_temp 4 6.6 407.1076 407.4251 1.3924 0.4984759 0.0941 0.0507 
  
psi(.)_p(.) 2 8.3 407.3879 407.4817 1.449 0.4845668 0.0915 0.0615 
  
stime_temp 4 7.2 407.6016 407.9191 1.8864 0.3893798 0.0735 0.0702 
  
julian2_temp_stime 6 7.8 407.7887 408.4661 2.4334 0.296206 0.0559 0.0768 
  
julian2 4 8.0 408.2663 408.5838 2.5511 0.2792773 0.0527 0.0831 
  
julian2_temp_capture 6 6.7 408.0547 408.7321 2.6994 0.259318 0.0490 0.0888 
  
capture 3 6.4 408.8345 409.0235 2.9908 0.2241589 0.0423 0.0938 
  
stime 3 6.9 409.2723 409.4613 3.4286 0.1800897 0.0340 0.0979 
  
capture_temp_stime 5 6.2 408.9846 409.4646 3.4319 0.1797928 0.0340 0.1019 
  
psi(.)_p(survey) 4 8.5 409.3727 409.6902 3.6575 0.1606142 0.0303 0.1054 
  
julian2_capture 5 6.3 409.9904 410.4704 4.4377 0.1087341 0.0205 0.1079 
White-eyed Vireo 1-day julian2_obs_stime_capture 9 6.3 128.7764 130.264 0 1 0.7287 0.7791 
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White-eyed Vireo 1-day julian2_obs_stime 8 5.0 132.2238 133.4041 3.1401 0.2080348 0.1516 0.1621 
  
obs_capture_stime 7 5.9 134.5194 135.43 5.166 0.075547 0.0551 0.0589 
 
3-days noise_julianln_capture 7 5.8 147.4927 148.4033 0 1 0.6608 0.2602 
  
capture_julianln 4 4.8 150.3011 150.6186 2.2153 0.3303343 0.2183 0.3462 
  
julianln_obs_capture 7 5.3 150.8985 151.8091 3.4058 0.1821545 0.1204 0.3936 
Wood Thrush 1-day julianln_stime2_temp2 7 8.0 265.251 266.1616 0 1 0.2383 0.2632 
  
julianln_stime2 5 8.8 266.0035 266.4835 0.3219 0.8513346 0.2029 0.2241 
  
noise_julianln_stime2 8 7.8 266.9018 268.0821 1.9205 0.3827972 0.0912 0.1008 
  
noise_julianln_stime2_temp2 10 6.2 266.7468 268.5801 2.4185 0.298421 0.0711 0.0786 
  
julianln 3 8.3 269.2114 269.4004 3.2388 0.1980175 0.0472 0.0521 
  
noise_obs_julianln 9 7.3 268.0273 269.5149 3.3533 0.1869994 0.0446 0.0492 
  
julianln_temp2 5 7.6 269.0942 269.5742 3.4126 0.1815362 0.0433 0.0478 
  
noise_obs 8 6.9 268.9213 270.1016 3.94 0.1394569 0.0332 0.0367 
  
noise_julianln 6 7.0 269.6056 270.283 4.1214 0.1273648 0.0304 0.0335 
  
stime2_temp2 6 6.6 269.7052 270.3826 4.221 0.1211774 0.0289 0.0319 
  
noise_julianln_temp2 8 8.1 269.846 271.0263 4.8647 0.0878302 0.0209 0.0231 
  
julianln_obs 6 7.7 270.6279 271.3053 5.1437 0.0763941 0.0182 0.0201 
  
stime2_obs 7 7.1 270.4479 271.3585 5.1969 0.0743888 0.0177 0.0196 
 
3-days stime2_noise 7 7.5 270.4844 271.395 5.2334 0.0730435 0.0174 0.0192 
  
noise_obs 8 7.4 303.1366 304.3169 0 1 0.1424 0.0135 
  
noise_obs_temp2 10 6.9 302.5886 304.4219 0.105 0.9488543 0.1351 0.0263 
  
noise 5 6.9 304.5129 304.9929 0.676 0.7131953 0.1015 0.0359 
  
noise_obs_stimeln 9 7.8 303.5929 305.0805 0.7636 0.6826316 0.0972 0.0451 
  
noise_stimeln 6 6.3 304.5867 305.2641 0.9472 0.6227563 0.0887 0.0535 
  
noise_temp2 7 7.1 304.8961 305.8067 1.4898 0.4747818 0.0676 0.0599 
  
noise_temp2_stimeln 8 7.2 305.4563 306.6366 2.3197 0.3135332 0.0446 0.0641 
  
stimeln 3 8.3 306.8286 307.0176 2.7007 0.2591495 0.0369 0.0676 
  
noise_capture 6 7.5 306.3859 307.0633 2.7464 0.2532951 0.0361 0.071 
  
noise_julian 6 7.0 306.4672 307.1446 2.8277 0.2432051 0.0346 0.0743 
  
psi(.)_p(.) 2 8.8 307.5562 307.65 3.3331 0.1888976 0.0269 0.0768 
  
temp2 4 8.2 307.8384 308.1559 3.839 0.1466803 0.0209 0.0788 
  
stimeln_temp2 5 7.4 307.7666 308.2466 3.9297 0.1401769 0.0200 0.0807 
  
obs_stimeln 6 7.4 307.6124 308.2898 3.9729 0.1371816 0.0195 0.0826 
  
obs 5 7.9 308.0588 308.5388 4.2219 0.1211228 0.0172 0.0842 
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Wood Thrush 3-days julian_temp2 5 8.4 308.2529 308.7329 4.416 0.1099203 0.0156 0.0857 
Yellow-throated Warbler 1-day noise_templn_julian2_capture 9 7.6 232.2085 233.6961 0 1 0.1477 0.1595 
  
noise_templn 6 7.0 233.0411 233.7185 0.0224 0.9888625 0.1461 0.1578 
  
noise_templn_julian2 8 7.5 232.5666 233.7469 0.0508 0.9749199 0.1440 0.1555 
  
noise_templn_capture 7 7.9 232.86 233.7706 0.0745 0.9634352 0.1423 0.1537 
  
noise_capture 6 7.6 233.4043 234.0817 0.3856 0.8246469 0.1218 0.1316 
  
noise 5 7.5 234.295 234.775 1.0789 0.5830689 0.0861 0.0930 
  
noise_capture_julian2 8 6.6 234.64 235.8203 2.1242 0.345729 0.0511 0.0552 
  
noise_templn_stime 7 7.2 234.9359 235.8465 2.1504 0.3412295 0.0504 0.0544 
  
noise_stime 6 7.5 235.8213 236.4987 2.8026 0.2462766 0.0364 0.0393 
 
3-days psi(.)_p(.) 2 7.6 324.1909 324.2847 0 1 0.1759 0.0174 
  
obs 5 6.4 324.7476 325.2276 0.9429 0.6240967 0.1098 0.0282 
  
stime 3 7.3 325.8163 326.0053 1.7206 0.4230352 0.0744 0.0355 
  
julian 3 7.3 325.9390 326.128 1.8433 0.397862 0.0700 0.0424 
  
capture 3 7.6 326.0401 326.2291 1.9444 0.37825 0.0666 0.049 
  
templn 3 6.5 326.0767 326.2657 1.981 0.3713909 0.0653 0.0554 
  
psi(.)_p(survey) 4 7.5 326.1916 326.5091 2.2244 0.3288347 0.0579 0.0611 
  
obs_templn 6 7.4 326.4401 327.1175 2.8328 0.2425858 0.0427 0.0654 
  
obs_stime 6 6.7 326.4807 327.1581 2.8734 0.2377109 0.0418 0.0695 
  
capture_obs 6 6.9 326.6570 327.3344 3.0497 0.2176537 0.0383 0.0733 
  
julian_obs 6 7.0 326.6739 327.3513 3.0666 0.2158223 0.0380 0.077 
  
julian_stime 4 6.9 327.5596 327.8771 3.5924 0.1659282 0.0292 0.0799 
  
capture_stime 4 6.1 327.5640 327.8815 3.5968 0.1655636 0.0291 0.0827 
  
templn_stime 4 6.6 327.8064 328.1239 3.8392 0.1466656 0.0258 0.0853 
  
templn_julian 4 7.8 327.8699 328.1874 3.9027 0.1420821 0.0250 0.0878 
  
capture_julian 4 5.2 327.8987 328.2162 3.9315 0.1400508 0.0246 0.0902 
 
 
